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Abstract; To effectively manage hazardous chemical accident cases, precise classification of the accident case texts is essential. Although
current large language models ( LLMs) perform well in specific domain’s medium and long text classification tasks after simple fine—
tuning, they overlook the significant role of generative LLMs~ powerful reasoning capabilities in such tasks. Generative LLMs not only
have the ability to generate classification results but also to generate the reasoning process. Based on this, we propose a large language
text classification model based on reasoning patterns. The specific construction process is as follows; Firstly , the reasoning ability of the
large LLM “Qwen 2.5” is utilized to simulate and generate the intermediate reasoning process connecting the case text and the real label.
Then, the generated reasoning process is encoded as structured prompt information and embedded into the prompt template used for the
classification task. Finally ,under low—resource conditions, the small LLM “Qwen 1.5-4B” is selected as the text classifier, and the
prompt template constructed by “Qwen 2.5” LLMs is used for fine -tuning. Experiments prove that the proposed method performs
excellently in the small sample data set of hazardous chemical accident cases,with an /| value reaching 90.22% . Additionally ,the gener-
alization performance of the proposed method is verified on the public news dataset,with an F; value reaching 88.04% .
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templates ; fine—tuning
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