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Research on Building Label Model of Learning Profile in
Network Learning Space

ZHAO Chun, LI Xin
(School of Computer and Software ,Chengdu Jincheng College ,Chengdu 611731, China)

Abstract ; Blended learning is a major learning method in the age of network. Students’ learning activities in network learning space will
produce a large amount of learning process and learning result data. Mining the value of these data has become a hot issue of education
informatization. Portraying student learning based on these learning data will be helpful to analyze students’ learning behavior and
learning effectiveness, and then provide sufficient data support for exploring personalized education. Learning ability and learning
behavior preference are the most typical dimensions in the learning profile. Taking the two dimensions of learning ability and learning be-
havior preference as an example, according to the dynamic periodic characteristics of learning data, we propose an adjusted linear weighted
coefficient of variation algorithm, which eliminates the influence of dimension and sample size,and realizes the stability label model of
students’ learning ability. Using boxplot,k—percentile and probability distribution theory of preference random variables , the most repre-

sentative learning task response habit label model is constructed. By comparative analyzing of the collected sample data and processing

results, the two label models have excellent characterization effects,and accurately reflect the individual learning characteristics.
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