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Abstract ; Aiming at the problems of high missed detection rate of occlusion and small target pedestrians , high model complexity and large
amount of calculation in high—density pedestrian detection in scenic spots,an improved YOLOVS5-GSPE is proposed, which can ensure
the accuracy while improving the detection effect. The improved algorithm model reduces the complexity of the model by optimizing the
conventional convolution (Conv) in the backbone network through GhostConv,and uses atrous convolution to improve the loss of feature
information caused by the pooling operation in the SPPF module,improving the timeliness of model detection and enhancing the feature
extraction of the backbone network. An enhanced feature pyramid network, PrFPN,is proposed to further enrich the fusion of original
input features using same—layer connections. The optimized EloU loss function is used as the bounding box regression loss function to
improve the positioning accuracy of the bounding box,and the proposed method educes feature loss during feature extraction. The experi-
mental results show that compared with the YOLOvVSs model , the complexity of the YOLOvV5-GSPE is reduced by 12.51% ,the average
accuracy based on the Pedestrian test set is increased by 4.05% ,and the average accuracy based on the WiderPerson test set is increased
by 3.28% ,and it reduces pedestrian occlusion and small target missed detection. The feasibility and effectiveness of the model have been
verified.
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