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Abstract : As an indispensable task to construct knowledge map in various fields, entity—relation joint extraction has become a hot topic in
information extraction. The existing generative entity—relation joint extraction methods use the encoder—decoder framework to generate
sequences of entity and relation. However, this method is data—driven, which has the problem of low quality in the absence of annotation
data,and it costs a lot to obtain annotation data. The method based on distant supervision can solve the problem of lack of large—scale an-
notation data by using external knowledge base to automatically annotate text,but the introduction of wrong labels will also affect the per-
formance of the model. To solve these problems, we propose a generative entity —relation joint extraction method based on external
knowledge. The multiple encoders and knowledge attention mechanism is used to fuse the external knowledge such as structured
information and syntactic structure to the model. Specifically,the model is first pre—trained with annotated data to learn entity relation
representation,,and then retrained with external knowledge to learn syntactic structure and other information. The experiment shows the
proposed method can improve the accuracy of entity relationship triples by fusing external knowledge, especially the extraction accuracy
of the model in the context of label data scarcity.
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