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Design and Implementation of Agricultural Product Review Opinion
Mining and Sentiment Recognition System

CHEN Jie,ZHOU Zi-hao™ ,WU Jun-hui "
(School of Electronic & Information Engineering, Tongji University, Shanghai 201804 ,China)

Abstract; The review data on the e—commerce platform contains sentiment opinions of consumers, and the key to identifying sentiment
expression of reviews is to extract their opinions at the product attribute level and identify sentiment tendencies. Previous supervised
learning models require a large amount of manually labeled data in related fields for training, which consumes a lot of labor costs.
Therefore, an unsupervised learning framework is constructed for agricultural product review for opinion mining and sentiment
recognition. The review data of the multi —source e—commerce platform is obtained through the crawler. Firstly, the domain theme
attribute is determined by the LDA model, and the domain sentiment dictionary is constructed in combination with the SO —PMI
algorithm , then the extraction rules of aspect—level opinions are formulated through the dependency syntactic analysis of the LTP library
and the similarity of word embedding, and the sentiment intensity value calculation method is proposed to identify the aspect-level
sentiment tendency of the review. Experiments show that the accuracy of the proposed framework is 85.08% ,the recall rate is 78.50% ,
and the F1 value is 81.66% ,which is better than that of traditional models. According to the opinion mining and sentiment recognition
results, a visualization platform is built to explore consumers’ preferences for agricultural products from multiple angles. The system has
been actually deployed in the project of the online service trading platform for agricultural materials and agricultural products, and is
committed to serving consumers, distributors ,e—commerce platforms and regulatory departments, which achieved good application results.
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