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Conditional Human-object Interaction Detection with Transformer

ZHANG Shi-fan, YE Hai-bo
(School of Computer Science and Technology ,Nanjing University of Aeronautics and
Astronautics , Nanjing 211106, China)

Abstract ; Human—-object interaction task ( HOI) aims to detect all <human ,action,object> triplets in the image that exist interaction rela-
tionships. General methods contain two-stage algorithm and one-stage algorithm. Some recent work has proposed a transformer—based
HOI inspection approach that makes the whole pipeline much simpler. For the existing detection model HOTR, we aim to optimize its
internal structure of transformer to better adapt to the HOI detection task. For the interaction decoder used for interaction detection, we
generate the reference points of humans and objects according to its interaction query embeddings, and design the interaction points
generation formula. Then,we use the information of the interaction points to design the conditional interaction query ,which is seen as the
position embedding and added to the content embedding to obtain the query,and do dot multiplication with the key finally. It helps to
locate the interaction—related region explicitly , which narrows the search range and ease the dependence on content embedding. We
perform the experiments based on HOTR, with the mAP gain of 8.33% on HICO-DET and 2. 13% on V-COCO, and the mAP is
currently SOTA on the V-COCO dataset.
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