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Abstract; In recent years, with the deepening of the government’ s digital transformation, more and more 12345 government hotline work—
orders are issued to the communities for disposal. Work—order text information is usually sparse,and the topic sequences cover all aspects
of urban governance. It often takes a long time for community managers to handle these work—orders, which cannot meet the needs of the
people for real —time response. In order to improve the quality and timeliness of community governance, we propose a work —order
disposal decision—making method based on event portrait and case—based reasoning. Firstly, the address gene database of geographical
names is constructed in the form of triples to obtain the spectral features in geographical names based on the unified standard address data-
base,and the tree set is constructed to represent the hierarchical relationship between address genes with the purpose of completing and re-
storing the missing address elements. Secondly,in order to fully explore the local and global features of the community work—order text,
the community event contained in the work—order text is extracted by the combined neural network based on BiGRU, Self- Attention,
CNN and CRF models. Finally, on the basis of building the historical cases for the community events, keyword extracting is used to
calculate the similarity between events based on their keywords. Comparative experimental results show that the proposed method can
achieve better performance than the baseline methods.

Key words: event portrait ; case—based reasoning ; work—order disposal ; address gene ;event extraction ; combined neural network
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TR AR I R OGRSy S AR T X BR A R A T G Y
FR 1S B A FROR

<R B S  FATHE R >

FHBRZE G i B v (0 B s 2 G A A g S AR 58
19 P vh R A T A0, A R AL SR AR 2 B BT A Dy s =R
PSR BIE e 5 Mg 4R v (4 T A7 S0k 50
AR AT FAF ISR TR 12 H Glove FE7Y |
word2 vec BRI YN R AL p ] ) &, 35555 28 36 [n] & 119 41
LR BEE IR 0. 8 1 PS4 02 75 A 8L 1 2 A
e, BB RmARNT .

Stepl : S [y 52 G291 J2 v 1) BT A S SO R
HERE A DIAER B RHE R R4 B

Step2 : X EiHE 5 A RIS 4 B Y SCA BEAT IR
Ve B A TR oy B AR, O BEAT 6 0T M R A
EC;

Step3 : 3 T HHE 4 € Yl %k Glove 5% word2vec 15
B A EEEAE C v T A TR N Y ] [ o S X
MR T 5

Step4 : il 4E A% T Al IR 20 G h i e A
P 25 1) (14 1) ] R 7 | I HEAT A Rl & 75 B 4 3k
Byl ARG R V

Step5 - 1 A% 5% A ST A% AR T Y T A
RS HTFAFAAR AAR DL E R AR LR KT 0. 8 BT
A FAFAR

Step6 : X 4 14 T A7 S 4 4 3 4 A7 R BL B HE T
i Top-N 255

BEARLEEHE P HT 3 AN (N =3) SRR 45 4
AT GL . A BORYE R SR pAk &
YRS OB B i P J7 58 eI, X ETRT SR
A PARIR L

<IREIISES  FAHR  FAF R AR >

G BT AR AT S S 2R A0 P

4 IS
4.1 SKIGINEE

WOC Al % T CUDA 9. 0 (IR & 2% > flE 28
PyTorch 1. 0. 1 # & W 45 BI Al SCIG #/E R G2 h
CentOS 7.3, N f# 64 GB,CPU  Intel (R) Xeon(R)
Silver 4214R CPU @ 2. 40 GHz, GPU Jy NVIDIA
Tesla A100,
4.2 HIE&E

M 2019 4E 1 A 1 H-2022 4E 6 F 30 H AN 2%
A IFEMITTAE X AR Hk kT 20 000 ASFH A TS
AR AR BUR AR R N 3R 1 R, [E R X 60 000

ST IASCRIEAT T Gt bt , T SCAR K 9 41E N

173 A5, H 95% B4 SCA K BELE 200 LA,
A1 REERT

NgE  WiFEgE ke A

13 000 4 000 3 000 61

4.3 ZWEE
TERAR I 28I ik # v, i FHASE AU 8 S 40 &
2 iR, BRI ) %R 1e-5 () Adam fLfb#s
K2 RAKEKE

Hodle
20 000

2R ZHUH
Epoches 20
BatchSize 128
SequenceLength 200
CNN-KernelSize 2,3,4
BiGRU-HiddenSize 128

4.4 ELZERTLE

K FPRG #2% ( precision ) 43 [8] ( recall ) MIfNAY F1
(EAE RPN 8 R . A T 36 E SCh R BRIk 1)
PERE, 5PN R BI AL T T XF . (1) A TF-IDF
ZE4 word2vec 2 BUEE {4 SCAERAF |, 3 F XGBoost™ |
LightGBM ™" FISCiik [ 12 ] B2k A 59 KNN J7 32 10+
X FH A2 (2) TextCNN A6 1220 F HAN' A5 51
(3) RoBERTa #4 #1*) #I ELECTRA #5#11  %J [ 52
a5 3 R,

%3 st

sl precision recall JnAL F1
XGBoost 0.63 0.70 0. 66
LightGBM 0. 64 0.70 0.60
SCHk[11] 0.67 0.72 0.67
SCHk[12] 0.65 0.69 0.66
TextCNN 0.67 0.70 0.72
HAN 0.73 0.78 0.74
RoBERTa 0.73 0.75 0.75
ELECTRA 0.71 0.74 0.76
Sy 0.79 0.79 0.78

3 AT LAF S o i B T Al SR R
PR SRR . 3T TextCNN Fil HAN ()5 78
FE 2y 28 R 4 T 3 T XGBoost, LightGBM Al
KNN 975 2%, J5 PRAE T 5 AT B0 X =4 SCA rh
T [ B AT 12 ) JC A7 4 = SOAS i B IR 2 IR
B35 SUAE Bl ] Attention AL T 4 7 B 0 A T 25 64
SrZUERGER RN Attention AL AT DA EAE B 0 5 i
218 O TR Iy 2 N S E S (T 1 4 N < s 1| 2 8=
IR A 5 7 K & A9 5B 5 MR, B T RoBERTa Al
ELECTRA 7 IS 1 B0F 0y SE B8R . 123051
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S TR 5 - T S IR 22 4 B A DX T B - 19 -

AT HE T CNN 1Y Ja) 8 45 A 42 A0 L T BiGRU -
SelfAttention 14 Jay RE i $2 B0, FHEE] T 4 SCA Ja) 8
{5 BRI E R SGE SUE B 0 K35 T 4 M i,
MRS T 541 HERE
4.5 ROIKFTERE

P4 IR T AEAN ) S5 A RIS SCvh 22 00146 2 7 vk
MITERE . FTLAE 76 35 0 RIS 2] 20 000 141, K
FANTT 4.61 s, AHECTSCAR[ 11 ] ASClk [ 12], 3cH oy
TR RE A R AT DX TR A SRR

k4 FEpt kbt

N & 22 A/ s
F R . . -
SCHR[11] SCHk[12] SO
5 000 8.58 5.17 1.92
10 000 15.09 11.03 3.15
15 000 18.64 15.60 3.80
20 000 27.11 23.24 4.61
5 HRiE

BEXSHEDCAE RN DAL T BRI G AR AR Y [
RO, B T — R T S R R R 001 e B R R AL IX
TR E R TT I, A SR TT ERRSRR H  44
HuHERE R 53 S 44 b bk R IR O DL =0 4 2k
T M4 Mk G — R DA PR DA AR O 44 T ) R AR
% 8B B SOA JRy R AE A4 R RRIE X T 2 4 R
RYAETEE W, & it T — F & T BiGRU, Self -
Attention ,CNN | CRF (120 & 28 0 26 X T8 SCAHE AT
PRI, TR T B R4 & T T, %07 A I s R
PRI R F AT Ok St R OB TR BEA T i, LAOG
R IR A L R A T A 9 S PR ) SRR R A AR B
SEHURGE Y S 475 DT TC O 2 ) T B0 8 19 225 i ok 5
%, FT—2THERETI ATEZ2~>] (Online Learning ) >€
2P PR T A X T AR KR

SE

[1] Bk . Rl RoBERTa AFFAESEI A E 55 Lk T3 T].
B IAAE,2022(6) :21-26.

[2] AL K. SETROMEB SIS E AL T]. H AR
4R ,2016,25(1) :181-186.

[3] PAN Z,HUANG D G. Research on trigger word extraction based
on the fusion of event argument attention and encoder layer[J].
Journal of Chinese Computer Systems,2021(4) :673-677.

[4] AHMAD W U, PENG Nanyun, CHANG Kaiwei. GATE; graph
attention transformer encoder for cross—lingual relation and event
extraction| C]//Proceedings of the 35th conference on artificial
intelligence. [ s. 1. ] : AAAI, 2021 :12462-12470.

[5] WEN Haoyang,QU Yanru,JI Heng,et al. Event time extraction
and propagation via graph attention networks [ C ]//Proceedings

of the 2021 conference of the North American chapter of the as-

(8]

[9]

[10]

[11]

[12]

[13]

[14]

[17]

[18]

[19]

[20]

sociation for computational linguistics : human language technolo-
gies. Minneapolis: Association for Computational Linguistics,
2021:62-73.
SHAFIEIBAVANI E, YEPES A J,ZHONG X, et al. Global lo-
cality in biomedical relation and event extraction| C ]//Proceed-
ings of the 19th SIGBioMed workshop on biomedical language
processing. [ s. 1. |:[s.n. ],2020:195-204.
HAN Rujun, NING Qiang, PENG Nanyun. Joint event and tem-
poral relation extraction with shared representations and structured
prediction[ C]//Proceedings of the 2019 conference on empirical
methods in natural language processing. Beijing: Association for
Computational Linguistics,2019 :434-444.
BESE e %, FETTE R I ALE BILSTM A 4l 3y %
[J]. BFi&iT T ,2020,28(8) :170-173.
NGB, B3N, BLAR. — R KNN S0k B4 Rk
[T]. 3L TR 5L 2021 ,43(12) :2263-2271.
Wk 2, RN TR S5 T SR HE B A T 9 N AR
WU e MU [ 1], R G0 T AR R 5 92k 2021 ,41(6)
1570-1584.
MRasZs X0 AR, T B A TSRO Y R A5 O A
FHBEERAEL ] AL AR 5 K R 2021 ,31(5) :198-203.
WA ST RO A A X 2 Sy g R RIE[T].
T T ,2019,27(18) :10-15.
SRMEME, FL 8. T S0 Hh HRRT R I0) B0 A 42 58 R A Al
BRI ] LS B4, 2019(9) (711,
5 FRERE, SRR A TS5 PRI T RE S T 3 B A1 -
e BRI ] PR, 2021 (2) (4-12.
KIM Y. Convolutional neural networks for sentence classification
[ C]//Proceedings of the 2014 conference on empirical methods
in natural language processing (EMNLP). Doha: Association for
Computational Linguistics,2014:1746-1751.
CHO K, MERRIENBOER B V,GULCEHRE C,et al. Learning
phrase representations using RNN encoder - decoder for statisti-
cal machine translation[ C]//Proceedings of the 2014 conference
on empirical methods in natural language processing (EMNLP) .
Doha: Association for Computational Linguistics, 2014 ;1724 —
1734.
VASWANI A,SHAZEER N,PARMAR N, et al. Attention is all
you need [ C]//Proceedings of the 31st international conference
on neural information processing systems. Long Beach: [ s. n. ],
2017 :6000-6010.
SUTTON C,MCCALLUM A. An introduction to conditional ran-
dom fields [ J]. Foundations and Trends in Machine Learning,
2010,4(4) .267-373.
YANG Z,DAIZ,YANG Y et al. XLNet: generalized autoregres-
sive pretraining for language understanding| C]//Proceedings of
the 31th conference on advances in neural information processing
systems. Long Beach: [ s. n. ],2019.:5754-5764.
CHEN T, GUESTRIN C. XGBoost:a scalable tree boosting sys-
tem[ C]//Proceedings of the 22nd ACM SIGKDD international
conference on knowledge discovery and data mining. San Francis-
co: Association for Computing Machinery,2016.785-794.
(T#% 46 )



	
	页 1
	页 2

	
	页 1
	页 2


