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Application of FCOS Model on an AI Chip

LIN Guang-dong , HUANG Guang-hong,LU Jun-feng
(' The 38th Institute of China Electronics Technology Group Corporation, Hefei 230094 , China)

Abstract; Al chip is a kind of chip that can perform artificial intelligence related computing efficiently. The 38th institute of CETC
developed an Al chip targeted at deep learning inference tasks at edge devices,and its main application fields includes object detection in
radar images, intelligent image processing in color separator devices,etc. The chip is a heterogeneous SOC chip that is composed of
central processing unit and neural network accelerator, which are connected together by on-chip bus. Its peak performance achieves
16TOPS(INT8). FCOS is an up—to—date single stage and anchor free object detection deep learning model, the mechanisms firstly
proposed by the model have been utilized in some newer object detection models. The application of FCOS on the chip is studied, and the

influence of on-chip memory size, DDR bandwidth, DDR configuration, computing power, data type and other factors is thoroughly

studied. This work will provide insights to researchers on deployment of deep learning models and also to designers of Al chips.
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