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Offshore Wind Power Facilities Detection and Early Warning

Assessment Based on Improved YOLOVSs
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Abstract ; Offshore wind power facility detection plays a vital role in the field of offshore wind power safety monitoring. Due to the com-
plexity of the offshore environment and the diversity of offshore targets, the existing offshore target detection algorithms have the
problems of complex network and low detection accuracy , which are difficult to meet the requirements of real—time detection and practical

deployment. To solve this problem, we propose an improved YOLOvSs offshore wind power facility detection algorithm. Firstly, the
backbone network of YOLOVSs is replaced by lightweight GhostNet for feature extraction, which reduces the amount of parameters and

and the detection speed reaches 47 FPS.
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calculation of the network model. Secondly, the attention mechanism ( SENet) is applied at the end of the backbone network and the

Neck layer respectively to adaptively learn the feature weights of important channels to improve the detection accuracy. Finally, the

PANet structure of the neck layer is improved to a bi—directional pyramid ( BiFPN) to improve the detection speed by fusing different
scale features. The experimental results show that the proposed algorithm reduces the amount of network model parameters and
feature pyramid

calculation, while the average accuracy on the ship data set reaches 96. 8% , which is 2. 6% higher than the original YOLOVSs network,
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