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Improved Text Detection for Natural Streetscape

DING Ze ,CHENG Yan-yun
(School of Automation, School of Artificial Intelligence ,Nanjing University of Posts and

Telecommunications , Nanjing 210023 , China)

Abstract ; In recent years, with the development of deep learning, great progress has been made in text detection under natural streetscape,
but the effect in multi—directional and curved text and text with low contrast is still unsatisfactory. Therefore,we propose a text detection
method incorporating a multi—scale module for the detection of curved text and text with low contrast,and improve the recognition effect
of end-to—end text recognition through the improvement of detection effect. To address the problem of local information loss in the RFB
(Receptive Field Block) module after downsampling,a Polarized Self-Attention (PSA) mechanism is embedded in the RFB module to
improve the RFB to extract effective text features and improve the feature map representation. To address the problem of insufficient
features and small perceptual fields extracted by the feature pyramid ( FPN ), the improved RFB module is embedded in the feature
pyramid ( FPN) module to enhance feature extraction fusion. To address the problems of uncertain feature distribution and poor fusion of
long-range features,a Strip Pooling module is introduced to improve the robustness of the detection method. Experimental results on the
publicly available dataset Total-Text show that the F—-measure value of the proposed algorithm is 0. 3% higher than that of the current ef-
ficient MaskTextSpotterV3 in the case of end—to—end text recognition without vocabularies,and 0. 2% higher in the case of vocabularies.
In the case of text—only detection, it also has a better performance.
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