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Abstract; With the continuous progress and development of natural language technology , human—computer interaction has made a great
progress. However, at present,human—computer interaction systems are often designed by both users and machines in specific application
scenarios , and the effect of difficult multi—turn dialogue in open domain is not satisfactory. As one of the important tools to implement di-
alogue system,knowledge graph has been proved to be effective in multi—turn dialogue tasks. We summarize the related technologies
used in multi—turn dialogue from the multi—turn dialogue technology based on knowledge graph. The multi—turn dialogue model based
on knowledge graph includes TransE, TransH, TransR and TransD,as well as the related data sets and evaluation standards of multi—turn
dialogue based on knowledge graph. Finally, we put forward the current challenges of multi - turn dialogue technology based on
knowledge graph and make a summary.
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