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Prediction Model Based on LSTM Network and Error Compensation
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Abstract; With the development of the times, people pay more and more attention to air quality,so it is particularly important to predict
the change of air pollution in the future. Firstly,,aiming at the nonlinear change and periodicity of PM, s ,select the compete annual data
for training and prediction. LSTM network , which has excellent fitting effect on the nonlinear sequence data,is used as the preliminary

prediction model. The LSTM network prediction model is established by selecting the appropriate sliding window and using the training

0 35 B

data. For the phenomenon of similar error distribution in adjacent years but uneven distribution in the whole year in the prediction results
Key words:PM, 5 prediction; LSTM;fuzzy clustering;error similarity ; error compensation

of LSTM network, the training data and errors are fuzzy clustered by FCM. Through the clustering results, the current prediction data are
which is feasible and effective.

classified ,and the error compensation value of the current prediction data is obtained by using the clustering center. Using the error com-

pensation value to modify the prediction result of LSTM network , the final prediction result is obtained. Finally,the proposed method is
verified by the air pollutant data set of Hefei from 2017 to 2021. The results show that the model is better than other comparison models,
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