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Multi—-branch Compact Bilinear Pooling for Facial Expression Recognition
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Abstract; Aiming at the problems of insufficient feature extraction and difficulty in distinguishing subtle inter—class differences in facial
expression recognition in the study of facial expression recognition,a multi—branch compact bilinear pooling facial expression recognition
method is proposed. Based on ResNet—-18,this method improves the feature extraction capability of ResNet—18 without greatly increasing
the computational complexity,and proposes a new diverse branch block to improve ResNet—18. To make the improved ResNet—18 more
convenient to focus on the features of expression regions in face images, the residual spatial attention is proposed. In order to reduce the
adverse effects of subtle inter—class differences in facial expressions and enhance the distinction between facial expression classes,a multi
—branch compact bilinear pooling structure is designed. Finally, the proposed method was used to conduct experiments on the public
facial expression datasets CK+ and RAF-DB, and the recognition rates reached 98.46% and 82.99% ,respectively. The experimental
results show that the recognition rate of the proposed method is better than that of DLP-CNN, MA, DeepExp3D and many other
expression recognition methods, with certain competitiveness.
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