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Abstract ; Predicting the distribution demand of fresh agricultural products can realize on—demand distribution which can reduce or even
realize the zero inventory of fresh agricultural products and reduce the deterioration,decay and other losses of fresh agricultural products.
In order to efficiently predict the distribution demand of fresh agricultural products, a fresh agricultural products distribution demand
prediction system based on Grey—Markov model is proposed. The system takes Grey—Markov model as the prediction model to predict
the distribution demand of fresh agricultural products in the next day. Compared with the prediction models such as exponential regression
model, Grey—Markov model has stronger stability and better accuracy. The system adopts C/S architecture and realizes the functions of
original data import,original data management, historical sales analysis and demand prediction aimed at on—demand distribution. The ar-
chitecture design,function design,database design and program design in such system are introduced in detail. The test and application
results show that such system realizes the expected function, with excellent application effect,and can effectively reduce the loss of fresh
agricultural products. Compared with before using the system, the total daily remaining unsold fresh agricultural products can decrease by
more than 20% .
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