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Similar Case Matching Algorithm Based on Improved Siamese Network

FEI Zhi-wei' , Al Zhong-liang’ ,ZHANG Ke' ,LIU Zhong-lin' , TANG Ran'
(1. North China Institute of Computing Technology, Beijing 100083 , China;
2. China Justice Big Data Institute ,Beijing 100043, China)

Abstract; Similar cases retrieval is one of the hotspots in the application of artificial intelligence in the judicial field. Aiming at the
problems of low accuracy of similar case retrieval and complex matching model of similar cases in the existing similar case retrieval
system,a similar case matching algorithm based on improved siamese network is designed. The algorithm uses the improved siamese
network to evaluate the similarity of the input case facts, and realizes the asymmetric siamese network structure by introducing the
attention mechanism and the Dropout layer. A training data augment strategy based on heuristics and self —augmentation is proposed,
which realizes the expansion of training data set for asymmetric siamese network and further improve the accuracy and robustness to the
input sequence. Experiments were performed on the public data set CAIL2019-SCM-Large, and other methods were compared. The ex-
perimental results show that the accuracy of this method on this data set is 72. 59% . The proposed model outperforms other existing
methods on this data set, which proves the effectiveness of this method.
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