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Abstract ; Detecting text in complex scenes is a challenging task. Some methods use character as target for detection,and some use word
is used to integrate these methods and make full use of the shallow and deep features of text. The network detects words and characters at

as target for detection. For words with loosely or tightly arranged between characters, character—based method easily detects one word as

0

multiple words, or multiple words as one word. In this case, word—based method has higher accuracy, but the character—based method can

Ell

3

detect each character more accurately than the word—based method. In view of these advantages and disadvantages, ResNet+FPN network

the same time, optimizes and merges these two kind of information to achieve better result. In order to reduce the cost of labeling

character data sets, weakly supervised learning is added to the experiment, so that the network can detect characters well when training on
the data sets with word annotations. Finally , the effectiveness of this method is verified on ICDAR 2013 . ICDAR 2015 and Total—Text
Key words: text detection; weakly supervised learning; features fusion ; ResNet; FPN
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