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Abstract: The traditional collaborative filtering recommendation algorithm mainly considers the users” rating of the item and obtains the
similarity between users through the rating. It lacks the consideration of the users” interest similarity,and does not consider the influence
of the users” own attributes in the similarity calculation, so its similarity calculation has certain inauthenticity. To address this problem, we
propose an improved interest similarity personalized recommendation algorithm, and design an improved interest similarity calculation
method based on the fact that different users” interest in items may differ according to their own attributes, and introduce users” own
attributes such as age and gender when calculating interest similarity. Based on the fact that users” interest in items is affected by the pop-
ularity of items, we propose the concepts of item hotspot influence rate and item attribute satisfaction,and assign different weights to items
when calculating similarity based on their hotspot influence rate and item attribute satisfaction. Based on the fact that users” interest
changes with time,we add the time factor to the recommendation process,and finally make the final rating prediction by integrating the
influence of the time factor. Experimental results on MovieLens dataset show that the average absolute error (MAE) and root mean
square error (RMSE) of the algorithm are lower,and the recommendation effect is better.
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