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Abstract ; Facial expression recognition is a popular and challenging task in the field of computer vision. Since the characteristics of facial
expressions are relatively fixed,designing methods for the characteristics of facial expressions from a macro perspective can effectively
improve the performance of facial expression recognition. Based on this view,a deformable pyramid network based on channel attention
is proposed for the irregular characteristics of facial expression features and the complementarity of spatial multi—scale. The network
mainly consists of deformable convolutional blocks, spatial pyramid pooling blocks and channel attention blocks. Specifically, the
deformable convolution block helps the network to sample irregular features of facial expressions, while the spatial pyramid pooling block
enhances the network’ s ability to learn multi—scale spatial contextual emotion information,and the channel attention block motivates the
network to dynamically focus on more discriminative feature maps to improve the contribution of discriminative emotion information to
the facial expression recognition task. Experimental results on both three in—the—lab facial expression datasets (including CK+,JAFFE,
and Oulu-CASIA) and two in—the—wild facial expression datasets (including FER2013 and RAF-DB) demonstrate the effectiveness of
the proposed method. From the visualization results, the features extracted by the proposed method and the facial regions of interest are
consistent with the presentation characteristics of different expressions and the patterns of people’s daily judgment of expressions.
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