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Facial Expression Recognition Algorithm Based on Multi—feature Fusion

LYU Peng,SHAN Jian—feng
(School of Electronic Information and Optical Engineering , Microelectronics,Nanjing University of

Posts and Telecommunications , Nanjing 210023 , China)

Abstract ;: Because DenseNet model has a unique feature extraction and transmission mode, it can not only alleviate network overfitting but
also achieve excellent classification effect when facing small data sets. However, the traditional DenseNet model has a deep network
structure , which may cause feature redundancy and hardware memory burden. To solve this problem, we study a relatively shallow dense
network and extract the recessive features efficiently by compressing the depth of the dense network and increasing the number of
convolution kernels in each module. The local directional number pattern (LDN) algorithm is used to extract gradient direction texture
information of facial expression images, considering that the dense network abandoned part of image information and a single feature
could not express all information of facial expression images. Feature fusion is carried out with implicit features extracted from dense net-
work, and they are jointly entered into Softmax layer for facial expression classification. The algorithm is simulated on CK+ and Jaffe
datasets,,and high recognition rate is obtained , which proves the effectiveness of the algorithm to a certain extent.
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