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Abstract; The corpus of entity relations is the basic data resource in the field of information extraction,and its scale and quality directly

affect the training effect of the deep learning model. There is little research on overlapping relationships for domain-specific corpus at

present,and existing methods require high manual annotation cost. We incorporate the existing annotation algorithm based on entity rec-

ognition and trigger word rules and implement the automatic annotation of overlapping relations in network text according to the custom

relations schema. First,after the named entities were identified by professional dictionary in the specific field, the named entity set was

constructed. Then the trigger word dictionary was constructed by clustering the feature words according to the custom relational pattern

schema and dependency parsing. Finally,the corpus automatic annotation was carried out based on the named entity set and the trigger

word dictionary. The proposed algorithm can effectively reduce the amount of manual annotation, with fast annotation speed and large

scale of corpus after annotation, which extracts the information of overlapping relations effectively and provides a feasible scheme for ex-

panding the corpus in information extraction of specific field. Meanwhile,we explore the availability of data source,evaluate the quality

of annotation and make statistical analysis of the corpus. The experimental results show that the overall success rate of the proposed

method is 76.7% ,the overall relationship annotation accuracy is 85.8% . In the experiment using the basic overlap relations extraction

model , the value of Fl reaches 93.68% .
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