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Named Entity Recognition Based on Rock Text Information

DU Rui-shan,CHEN Si-lu, LIU Wen-hao
(School of Computer and Information Technology ,Northeast Petroleum University , Daqing 163318 ,China)

Abstract; Named entity recognition technology is one of the important tasks in the field of natural language processing. However, the
named entities in the rock text information have problems such as unclear boundaries, difficult word segmentation, error propagation,and
slow calculation efficiency. Knowledge extraction based on rock text information is of great significance to the research in the field of oil
and gas exploration. To this end, we first build a rock text data set,and then propose a Lexicon—-LSTM-CRF network model to be
applied to unstructured rock text. Firstly,the Lexicon mechanism is used to obtain all matching words of each character, so as to solve the
problem of unclear boundary and difficult word segmentation, and on this basis, improve the computational efficiency. Then the
contextual semantic features are extracted through the bidirectional long—term short—term memory network ( BILSTM) ,and the semantic
vector is passed into the Conditional Random Field (CRF) layer and decoded by the Viterbi algorithm to reduce the output probability of
the error label and predict the entity annotation label, and finally realize the rock text Named entity extraction task. Through several com-
parative experiments on the rock text data set constructed, it is verified that the proposed method has a certain improvement in accuracy
and recall.
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