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Abstract ; In order to optimize the scheduling of legal officials and balance the contradiction between the limited judicial resources and the
actual judicial needs,a trial human resource scheduling optimization model and the trial team scheduling optimization strategy based on
reinforcement learning are proposed. On the basis of analysis of the judiciary scheduling problems and scenarios,a mathematical model of
judiciary scheduling optimization with the optimization goal of minimizing the average processing time of the case is established. On this
basis,a macroscopic judicial system queuing model is established, the Markov decision — making process of trial human resource
scheduling is defined,and a dynamic adaptive reinforcement learning algorithm for judicial personnel scheduling based on SARSA ( Sate—
Action—Reward — State — Action ) is proposed. The algorithm uses the average processing time of the case as a reward, selects the
scheduling strategy through the greedy behavior strategy, and uses the time - series differential update method to learn the optimal
scheduling strategy in the process of interacting with the judicial system. Compared with the traditional division method and other simple
rule—based heuristic algorithms,the proposed algorithm can improve the efficiency of case trials and optimize the allocation of human re-
sources.
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