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Video Super-resolution Reconstruction Based on
Self Attention Mechanism

QIN Hao-yu,GE Yao,ZHANG Li-bo, WU Xue-zhi, REN Wei—jun
(School of Information Engineering ,Chang’ an University ,Xi’ an 710064 , China)

Abstract; Although the existing video super — resolution reconstruction methods have achieved excellent results in improving video
resolution,, many methods do not fully take into account the correlation between video frame motion time domain and space domain. To
solve this problem,a video super—resolution reconstruction model VTSSR integrating time and space domain is proposed to reconstruct
video in time and space domain at the same time in the same network model. The model uses convolution layer and multiple residual
blocks to extract the features of low frame rate and low resolution video, generates the feature map of intermediate frame through feature
interpolation , uses the improved self attention mechanism module to fuse the temporal and spatial information of the feature map at the
same time, and uses sub—pixel convolution up sampling to reconstruct the high frame rate and high resolution video. The test of VTSSR
model on Vid4 data set shows that it can overcome the limitations of optical flow prediction that it is difficult to deal with occlusion and
complex motion,solve the problem of different contributions of different adjacent frames to key frame reconstruction, and improve the
level of video super—resolution reconstruction.
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