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Abstract ; Traditional e—commerce platforms are unable to realize personalized high—quality goods recommendations for users, causing
users to face a large amount of goods information,but the utilization rate of information is gradually decreasing. In response to the above
problems, we propose an improved collaborative filtering algorithm (new Pearson collaborative filtering, NP-CF) to provide users with
personalized electronic goods recommendations. The algorithm weakens the contribution of active users to goods similarity and uses the
calculation of standard deviation to reduce the impact of the quality of electronic goods on similarity. The calculated coefficients of the
two with the Pearson relationship number is combined to calculate a more accurate user similarity, then the similarity value is used to
calculate the recommended value of the goods and weight the value through a weighted evaluation formula. Finally, the proposed
algorithm is tested on the real data set called MovieLens and the artificial data set named Mobile—Data and compared with the traditional
user collaborative filtering based on user information (user—CF). The proposed NP-CF optimizes the recommendation results as a whole
and improves the accuracy.
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