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Quantum Optimization Algorithm Based on Self-optimization and
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Abstract; To improve the search capability of the group intelligence optimization algorithm, a quantum optimization algorithm is
proposed. Based on Bloch coordinates, the algorithm divides the population into optimal individuals and ordinary individuals and
performs different processing. For the optimal individual, by rotating all qubits around the coordinate axis, multiple new individuals are
generated and using the greedy search strategy ,the optimal individual is selected. For current individuals in the population,the cross—op-
timization of the current individual by determining random crossings with other individuals and rotating the qubits towards the target
position generates a new individual with greedy selection between the current individual and the new individual. Simulation results of
functional extremal optimization show that the proposed algorithm outperforms the simple quantum genetic algorithm, the common genetic
algorithm and the artificial fish swarms algorithm in terms of optimization ability, thus verifying the effectiveness of such algorithm. The
algorithm avoids falling into local optimum in high dimensions, with fast convergence and strong global search capability. The
experimental results reveal that the optimization algorithm is feasible.
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