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Abstract ; Multi—access edge computing (MEC) is an emerging type of cloud computing. Low computing power IoT devices can offload
computing tasks to MEC for processing to provide higher quality services. When the offloading network of MEC is faced with a large
number of device accesses,there are a lot of collisions among competing network connections when each device requests services, thus
leading to performance degradation of the MEC offload network. In the scenario where Wi-Fi is used as the access point for MEC, the
802. 11 protocol’s back—off algorithm can reasonably set the value of the contention window (CW) to mitigate the network throughput
degradation caused by collisions when facing a smaller number of devices, but the default back—off algorithm cannot effectively cope with
a larger number of access devices or dynamically changing network topology. To optimize the setting of the contention window to
improve network performance,two deep reinforcement learning ( DRL) methods for CW optimization are proposed. The deep Q network
(DQN) and deep deterministic policy gradient ( DDPG) methods are used to optimize the setting of the contention window size for MEC
offloading networks to effectively cope with a large number of access devices and dynamic changes in network topology, respectively.
The simulation experimental results show that the DRL method stabilizes the network throughput under different numbers of access
devices, static network topologies and dynamic network topologies,and has a large improvement over the default method, with a relative
improvement of 46% under static conditions and 36% under dynamic conditions, without destroying the fairness of network services.
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