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Unrest Event Mining and Prediction Based on Social Network

HUANG Xi-feng, LIAO Hong-zhou
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Abstract ; Text event mining aims to realize structured event representation through text mining, so as to support further event analysis and
prediction. The structured event information to be mined for text event mining includes event type, participant, trigger word, time and
place,etc. , among which each information mining is a separate text classification or information extraction task. Therefore, text event
mining is a comprehensive natural language processing task with high engineering complexity. Social network group incident mining is a
textual event mining work carried out by pointer to the specific information source of social network and the specific event type of group
incident. Due to the particularity of social networks and group incidents, we found that the mining results of social network group
incidents can be used as the direct clues of event prediction. Therefore,we have implemented a group incident mining system based on
social networks. In this system,we realize sub—tasks such as text information event discovery and classification, participant extraction,
behavior extraction,location extraction and time extraction, which together constitute a complete event element structure. At the same
time, we make event prediction based on the event time information and compare with the actual event occurrence to evaluate the event
generation effect and prediction accuracy.
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