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Pseudo-label Based Defensible Stable Network

LIU Jia-—mei,SUN Han,LIN Lei
(School of Computer Science and Technology/Artificial Intelligence ,Nanjing University of

Aeronautics and Astronautics, Nanjing 211106, China)

Abstract; Aiming at the problem that the migration ability and defense ability of the model cannot be improved at the same time in the
domain adaptation, which makes it unstable and vulnerable to attack in the target domain,a defensible and stable network based on pseudo
label is proposed. Under the framework of conditional domain adaptation network, firstly, the pre—trained source domain features and
target domain features are co—clustered by Gaussian mixture model ,and soft pseudo—label based on category probability is obtained to in-
troduce more reliable target domain information,so as to shorten the distance between the two domains. Then the data are input into the
student network and teacher network. According to the student network parameters, the teacher network parameters are updated by the ex-
ponential moving average to reduce the adverse effects of false labels. At the same time,using the idea of active defense,the model can
learn more robust features and improve the defense ability of the data in the target domain against the attack by adding the source domain
adversarial samples in the training. Experimental results on Office—31 show that the proposed algorithm can effectively improve the
migration ability and defense ability of the model,and improve the robustness of the network from two different aspects.
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