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Abstract: With the rapid development of science, technology and engineering, in the past 20 years, many fields such as optical
observation, optical monitoring, health care,sensors,user data,Internet and financial companies, and supply chain systems have produced
massive amounts of data ( For example, in medical testing, data is constantly coming in, forming a " data disaster" ). Effective data
analysis and data mining are based on data availability and data high quality. The premise of data high quality is the need to clean the
data. Data cleaning is the process of detecting and correcting dirty data, is the basis for data analysis and management, and is also a
commonly used technology to improve data quality. Instance-level data cleaning is an important part of data cleaning. We focus on com-
paring ,analyzing and summarizing the detection and cleaning methods of attributes and repeated record values in the instance—level data
cleaning technology,and introduce the combined application of data cleaning technology represented by the electrical engineering field,
the medical field,and the transportation field,and provide valuable selection suggestions for the characteristics of different data sets and
the applicable instance—level data cleaning technology. Finally,the problems,challenges and development directions of the instance—level
data cleaning technology are prospected.
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