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Relation Extraction Method of Medical Texts Based on BERT-BILSTM

GONG Ru-xin, YU Xiao—-sheng
(School of Computer and Information, Three Gorges University, Yichang 443002 , China)

Abstract : Relation extraction method can make full use of medical resources in healthy medical texts and lay the foundation for the con-
struction of hospital system and related knowledge graph. However, the context of healthy medical texts are closely related and the
content structure is complex. Traditional machine learning methods cannot fully learn and use the information in the texts,and the medical
domain terms are not processed in the texts. The important entities needed in the research are lost,resulting in low accuracy. Therefore,
we propose a relation extraction method of healthy medical texts based on BERT and BILSTM. In the preprocessing stage, medical
keywords are extracted, words are embedded by using the BERT language model, and then features are processed by BILSTM and
attention mechanism. Finally, the Softmax classifier is used to output the probability value of the category to determine the relation
category between entities. Based on the experimental results of two clinical data sets,compared with unidirectional LSTM, CNN, BIGRU
and other models, BERT-BILSTM - ATT model showed the best performance, with the precision increased by more than 3. 35% , the
recall increased by more than 1.28% ,and the F1 —Score increased by more than 2. 58% . The proposed relation extraction method of
healthy medical texts based on BERT and BILSTM can accurately and effectively predict the relation categories between entities in
healthy medical texts.
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