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Research on Collaborative Filtering Algorithm Based on
Improved Similarity

WU Jin-kun, SHAN Jian—feng
(School of Electronic and Optical Engineering and Microelectronics , NJUPT , Nanjing 210023 , China)

Abstract: Nowadays, users are faced with a large amount of information, and it is very difficult to select relevant information that has
close contact with them. E—commerce platforms,community group buying platforms and video platforms,in the face of ever—increasing
user data,need to dig out information that is conducive to improving the efficiency of the platform,so it puts forward higher requirements
on personalized recommendations for users. All platforms hope to be able to grasp the dynamic information of each user and implement
more accurate personalized recommendations. Personalized recommendations can not only improve the efficiency of the platform ,but also
bring the ultimate experience to users. Because the traditional collaborative filtering algorithm evaluation system does not take into
account the differences in the ratings of different users, the accuracy, precision, and differences still need to be further improved. We
mainly aim at the need for precision in the movie rating recommendation collaborative filtering algorithm, introducing user difference
factors w), ,fusing the original person similarity calculations,so as to solve the problem that there is a certain deviation in the traditional
collaborative filtering algorithm similarity calculation for different users with different evaluation systems. The simulation on Movielens
1m movie scoring data set shows that the improved collaborative filtering algorithm for similarity calculation can reduce the MAE value.
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