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Abstract; With the deep application of data mining technology in the field of education, achievement prediction has become one of the
important means to improve the teaching quality. The prediction of students’ performance can urge students to improve their learning ef-
ficiency and urge teachers to improve their teaching quality, so as to better improve teaching and achieve the best results. However,in the
current research, although the application of grade prediction has been very extensive, most of them are based on the whole score of
students to predict the grade of a certain course, ignoring the timeliness of grade prediction. Therefore, a prediction model based on
multiple linear regression is proposed to predict the graduation scores of the first grade. A multivariate linear regression prediction model
was established based on the course performance of students majoring in information and computing science in a certain school. Through
a large number of experiments and tests, it has been proved that it is feasible to use the grades of freshmen to predict the graduation
grades, and the prediction model built has a very high prediction accuracy, which can provide reference information for improving the
teaching scheme,and help to improve the teaching quality of the school and the learning effect of students.
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