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Abstract : Aiming at the problems of long time and poor error tolerance in the practical application of traditional polar code decoding ( SC
decoding) algorithms,a new type of artificial neural network,temporal convolutional network ( TCN) ,has been declared to build a polar
code decoding model. Different from other artificial neural networks, TCN belongs to CNN,which is similar in function to RNN. It has a
unique dilated causal convolutions structure and residual connections method, which is more accurate, simpler and clearer than canonical
recurrent networks such as LSTM and GRU, which is more suitable for time series such as polar codes. By adjusting the parameters of the
network model,the effect of time convolutional network decoding performance can be observed. The phenomena of simulations have proven
that by reasonably adjusting the number of training sequences, the size and number of convolution kernels, the requirements of improving the
polar codes decoding performance can be achieved.
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