Bk H2m TENMRARSEZRE Vol.32 No.2

2022 42 H COMPUTER TECHNOLOGY AND DEVELOPMENT Feb. 2022

ETERLERZNFRXFIZERE RS

% W BRI, e
(L. 3EM X5, 300 3t 550025
2.\ FAHE KFE, W@l RAE 610054)

8 Z L RERIEAL S R B AE T MU b TR 2 —, T E P SRR X R R [ 2 T R I R 2 R
TSR BT o SR SR AR R D . BT SUIEEIR S 278 M TEE AR M 8 T B O RAN SEUR 29
IR (R A58 IR ARME R FH T SCEUE . BEXTLL IR 32 SCH 1 — i 35 (5 B DERC Ay v SCHTIRUE ) 28 BF 5% 7 0 1R
FITETET SCEAE L ARCR . 8 SE % I AT = 18 S AU 3 R e 1B TR 5 SR A TR ) vl (4 ST A e 8 SRR v 4 51
A Aol P22 268 T 0 XA 56 S A A T 8 0 5 PRl B T B9k P 56 R M DA M5 A ) R AR | F A1 8 A ) S8 A28 I 880 1 7 R 0 B
T 30 DG 5 32 e 5 A e AR 5 5 ol P S R DR R A5 30 22 ST U0 1 A i B 42, A0 R PR R A IR B 38 T IR TE
CCKS2019 CKBQA MR i F A3 T 75.6% o

SRR RIS 5 1 ARTE 5 AR 3T 5 SR UM s SR BE B2 TN AR s SCAR DG i

HE S £ S TPIS XERFRIZAS A XEHS:1673-629X(2022)02-0014-06

doi:10.3969/]. issn. 1673-629X.2022. 02. 002

Question Answering System of Chinese Knowledge Base Based on
Information Matching Method
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Abstract ; Knowledge base question answering is one of the hot topics in the field of natural language processing. At present, most of the
researches on knowledge base question answering are based on English data,but few are based on Chinese data. Due to the language vari-
ability , grammar ambiguity and language ambiguity, many question answering methods of English knowledge base are difficult to be
applied to Chinese data. To solve the above problems, we propose a question —and — answer research method based on information
matching for Chinese knowledge base to explore its effect on Chinese data. Firstly,subject entity identification and attribute value identi-
fication are carried out. Secondly, the entity in the question is linked to the entity in the knowledge base, and the candidate entity is
screened by logistic regression. Thirdly,the two-hop internal relationship is extracted as the candidate query path,and the text matching
method based on the pre—trained language model is used to select the candidate path with the highest similarity to the question. Finally,
the query path of multi—entity case is obtained by using entity splicing, and the final answer is obtained by querying the knowledge base.
The proposed method achieves an F value of 75.6% on the CCKS2019 CKBQA test set.
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