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Abstract : Nowadays , breast cancer has increasingly become a high incidence of women. Therefore,removing abnormal factors as soon as
possible and conducting diagnosis and treatment can greatly reduce the risk of disease. Considering that there are many features in breast
cancer data,and there are often not only linear features but also many non-linear features. To solve this problem,a kernel null space al-
gorithm is proposed to detect abnormalities of breast cancer. Firstly, the kernel function is adopted to perform nonlinear mapping and
transformation of all normal samples into high—dimensional space. Secondly, the intra—class divergence is converted to O through zero
space transformation,and the data of the entire class in the zero space is replaced with the average value of the class. Finally, the
abnormality of the test sample is judged by calculating the distance from the test sample to the value. The proposed algorithm greatly
reduces the complexity of the calculation and also improves the speed of breast cancer detection. Through simulation experiments on the
UCT breast cancer database ,the F1—score obtained under different kernel functions and different set abnormal thresholds is compared. It is
found that the results under different kernel functions and different abnormal thresholds are different, and when the Gaussian kernel is
selected as the kernel function,the F1 —score can reach 0. 962 7, which fully proves that the kernel null space algorithm is effective in
breast cancer abnormality detection.
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