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Sentiment Analysis of Clothing E—-Commerce Reviews
Based on BiGRU-SD-Attention
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Abstract ; Internet shopping has gradually come into people’ s life. People will leave a large number of comments while shopping, which
contain great value and emotional tendency. By analyzing the emotional tendency of these comments, it also provides reference value for
the recommendation system. The traditional algorithm is difficult to extract the deeper emotional features of the text,so it is difficult to a-
chieve better results. Therefore,we propose an algorithm model based on the multi—layer attention mechanism BiGRU-SD- Attention.
Firstly , the apparel e-commerce comment text is collected by distributed crawler, and the text data is cleaned and divided into word-level
and sentence—level data sets. Secondly,BiGRU network is used to extract the positive and negative emotional features of text,and then
the attention mechanism is used to re—weight the emotional features of words and sentences respectively. Through multi—layer progressive
weight calculation, the emotional characteristic tendency of apparel e-commerce text is finally classified and output. Experiment shows
that the accuracy of the proposed algorithm reaches 94.23 % , which is significantly improved in all aspects compared with the traditional
SVM algorithm (81.67% ) and BiLSM-Attention algorithm with single attention mechanism (93.50% ).
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