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Study on Comparison of Multi—class Text Classification Methods
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Abstract; Text classification, especially multi—class text classification,is a classical problem of great significance, which has a wide range
of applications in the fields of public opinion monitoring, news recommendation, online comment sentiment analysis and so on. At
present, there are many algorithms for multi—class text classification,but each algorithm has its own specific assumptions and advantages
and disadvantages. To help users and researchers better choose and improve the classification methods,a comparison scheme based on
multi— class text classification is designed. Considering text feature representation and classification algorithm, three text feature
representation methods and five classification algorithms are combined to form 15 classification models which are ranked by the
comparison scheme. Using 3 000 documents with different categories crawled from media sites as the corpus,these 15 combinations are
compared with different scale of data following the process established and are ranked by Kappa coefficient and running time. It is
concluded that word embedding for text feature representation has obvious advantages both in the running speed of the model and the clas-
sification performance. Meanwhile, KNN+CBOW,SVM+CBOW and Naive Bayes+CBOW are all better models for solving multi—class
text classification problems.
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