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Abstract; The detection of safety helmet plays an important role in the prevention of safety accidents,and we propose an automatic and

i

efficient detection method of safety helmet. First,a Density Peak algorithm is used to analyze the size feature of safety helmet, which

helps to increase the accuracy of detection. Then,according to area and distance of prediction anchor and truth anchor,a DIoU ( distance—

IoU) function is introduced to build the loss function of YOLO v5. Finally,the deep learning framework YOLO v5 is used to train and

helmet detection, which obtains mAPO. 5 ,image inference ratio with 77.2% and 140 frame/s. In addition,the proposed method is also
able to detect the images with multi—object, and can easily be applied for the embedded device.

test the safety helmet. Experimental results on the created dataset show the efficiency and effectiveness of the proposed method on safety
Key words: YOLO VS5 ;safety helmet;deep learning ; distance—IOU ; Density Peak cluster
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