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Abstract ; Using machine vision to automatically classify and identify recyclables can improve the efficiency of waste recycling. Using the

improved Faster RCNN algorithm to automatically classify and identify four common recyclables in the office area,plastic bottles,cans,

0

glass bottles and paper. Improve the detection accuracy of Faster RCNN algorithm by improving the feature extraction network and region

51

A

proposal network. Train and test the recyclables image library provided by the third—party professional data platform Kesai. com, and

train and test self —collected image library. For glass bottles and plastic bottles with similar characteristics, the false detection rate is

relatively high. The introduction of the weight characteristics of the target to be inspected improves the recall rate of both. The
experimental results show that the improved Faster RCNN algorithm combined with weight characteristics has 92.28% ,87. 78% ,89.

25% and 91.24% in the recognition accuracy of the four types of recyclables,and the average detection time is 0. 202 seconds, which im-
proves the efficiency of automatic classification and recognition of recyclables.
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