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Unsupervised Domain Adaptation E—commerce Machine
Translation Based on Phrase Post—validation
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Abstract: At present, machine translation training commonly relies on large—scale parallel corpus,but in the e-commerce domain, public
available parallel corpus are non—existent and difficult to construct. In order to solve the problem of scarce parallel resources, the method
of applying a large number of parallel data migration from out domain to non—parallel data in domain is called unsupervised domain adap-
tation. However, there is a problem of poor word pair matching in the in—domain of domain adaptation for neural network machine trans-
lation. To solve this problem,an unsupervised domain adaptation e-commerce machine translation based on phrase post-—verification is
proposed. The monolingual data of Chinese and English e-commerce are obtained. In the iterative process of unsupervised domain adap-
tation, the step—by—step data mixing training strategy is adopted to improve the translation performance. On this basis, phrase post—
validation is introduced to improve the word pair matching problem. According to a large number of baseline experiments of e-commerce
machine translation, the unsupervised domain adaptation method based on post—phrase verification is about 1.5 Bleu points higher than
the strongest baseline system.
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