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Abstract; Aiming at the problem that the marking time of security video deviates from the standard time, a time stamp synchronous
detection method based on deep learning is proposed. First of all,for the current scene text detection algorithm,when detecting the time
stamp region of the video, the detection of the time stamp area is not complete or the detection frame is too large. Therefore, CBAP
algorithm is proposed. Character level detection results and pixel level segmentation results are obtained by convolution neural network
firstly ,and then the final detection results are extracted from the character level detection results and pixel level segmentation results,so as
to obtain more accurate text instance envelope, which can effectively deal with the detection tasks of complex and diverse timestamp
areas. Secondly,a time stamp synchronization decision method based on tolerance matching is proposed to solve the problem of time syn-
chronization judgment error caused by the delay of image transmission, encoding and decoding. Finally,the experiment proves that the
proposed method is reasonable and effective.
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