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Abstract ; Face recognition systems are often affected by the lighting environment. To improve the performance of face recognition under

low illumination conditions, a low illumination face image enhancement method based on cycle — consistent adversarial network is

proposed. The network that consists of generators and discriminators is used to transfer low illumination face images to normal

illumination face images. The generators consist of convolutional neural networks with four convolution layers, nine residual network

layers and two transposed convolution layers,and the discriminators consist of convolutional neural networks with five convolution layers.

In the training process of the cycle—consistent adversarial network , the improved loss function and the gradient penalty are used to train

the network , which improves the stability, speeds up the network convergence and improves the quality of the generated face image. Ex-

perimental results on VV dataset show that the proposed method can effectively achieve face image enhancement under low illumination

conditions, and compared with HE,MSR and MSRCR, it improves PSNR,SSIM and MSE values.
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