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A Traffic Violation Detection System Based on MobileNet_SSD
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(School of Electronic and Optical Engineering, School of Microelectronics , Nanjing

University of Posts and Telecommunications, Nanjing 210003, China)

Abstract; With the continuous growth of car parc in China,the pressure of urban road traffic operation increases sharply. In the existing
traffic management system,image processing algorithm is usually used to detect car violations. However, the violation detection system
based on image processing algorithm has many problems, such as large computation, not suitable for embedded devices and low detection
accuracy in complex environment,which brings some limitations to the practical application of the system. To solve this problem, the
deep learning algorithm is introduced into the detection system and a traffic violation detection system based on MobileNet_SSD is
proposed. The MobileNet_SSD network is used to detect cars, and the inter—frame Euclidean distance algorithm is adopted to track
vehicle tracks. The determination strategy of violation behaviors is developed to detect and collect evidence of five kinds of motor vehicle
violations. On the EAIDK-610 development platform,the vehicle identification mAP is about 83. 18% ,the violation detection accuracy
rate is 97% ,and the system running speed is 8. 31 FPS. The experiment shows that this system not only improves the detection speed on
embedded devices,but also has better robustness for detection of complex scenes.
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