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A Nearest Neighbor Image Annotation Method Based on
CNN and Weighted Bayesian
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Abstract; The accuracy of image annotation is related to the accuracy of image retrieval to a great extent. However,the traditional image
automatic annotation method based on the nearest neighbor model cannot effectively extract the features of the image,and the mapping re-
lationship between low-level visual features and high—level semantics cannot be effectively established either. So the accuracy of the
nearest neighbor images and labels is low. To solve the above problems,a neighbor image annotation method based CNN and weighted
Bayesian is proposed. First,image features are extracted by using CNN, from which the nearest neighbor images are searched and the can-
didate labels are obtained. Then the mapping relationship between visual features and labels of the unlabeled image based on Bayesian
posterior probability is constructed. Finally, the probability value is optimized and sorted according to set the weight, from which the
optimal candidate labels are selected to realize image annotation. Experiments on three benchmark datasets Corel 5K, IAPRTC-12 and
ESP Game show that the proposed method achieves better results in precision,recall and F1 value.
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