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Abstract; Image aesthetic quality assessment has a good application prospect in image recommendation and image editing aesthetics.
There are two problems in most aesthetic quality assessment methods. On the one hand,only the general aesthetic assessment model is es-
tablished, while the individual aesthetic assessment is ignored. Such an assessment method is only applicable to the public aesthetic
assessment and cannot distinguish the differences between users. On the other hand, the evaluation is usually conducted only from the
features of the image itself and the overall layout, without considering the prominence and rationality of the subject. Since the subject
features have a great impact on the evaluation results, the practice of ignoring the subject will make the evaluation results have poor com-
pleteness. Aiming at these problems,we design a personalized image aesthetic quality evaluation method based on attention mechanism.
This method introduces the attention mechanism on the basis of the personalized residual network , which not only maintains the subjective
preference of the individual in the aesthetic quality assessment, but also adds the significance factor of the subject into the scoring process.
In experiments on Flickr data sets,the average SROCC correlation coefficient of this algorithm is 0. 667 , which is 3% better than the per-
formance of a single image aesthetic quality assessment on Flickr data sets.
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