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Abstract; In order to improve the performance of license plate detection under different shooting distances and shooting angles in traffic
surveillance video,an algorithm based on deep convolutional neural network with multi—dimensional feature information enhancement and
context information fusion to optimize the performance of license plate detection is proposed. Firstly,we introduce a region called context—
of-plate combined with vehicle location as the context information, exploiting the hidden correlation. And to extract local and contextual
features,, we make some modifications to the Faster—RCNN ;selecting several layers with different shades of VGGI16 for vehicle, context—
of-plate and license plate to obtain multi—scale integrated feature maps,complementing location and semantic information,enhancing the
representation of features and reducing scale interference. Then, the features of license plate region and the context region are fused to
refine the license plate detection. Finally,in the RPN stage,the rectangular anchor is replaced with a rotating anchor to generate a more
appropriate prediction box and solve the license plate rotation problem caused by the observation angle in the real scene. Experiments on
benchmark datasets demonstrate that the proposed method shows better performance compared with existing methods under various
shooting instance and observation angles.
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