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Abstract ; As one of the most advanced seismic data imaging methods, the inverse time migration method has been widely used in seismic
data imaging field. Based on the huge amount of seismic data,this method still has the problem of large computational demand, usually
needs to use the cluster system to complete the calculation. In the heterogeneous cluster environment, the performance of each node is dif-
ferent ,and the processing capability of each node is also different. When performing data operations,load imbalance is likely to occur. In
order to improve the utilization rate of resources and the efficiency of parallel computing, we propose a two —level adaptive node
computing task scheduling algorithm for heterogeneous cluster systems, which divide computing tasks between and within nodes as
reasonably as possible. Compared with the traditional Min—Min and Max-Min algorithms, the proposed algorithm can effectively shorten
the completion time of the computing task , make the computing task of each node more balanced, and improve the resource utilization rate
of heterogeneous cluster system in the data processing of inverse time migration.
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