#31% oM TENMRARSEZRE Vol.31 No.9

2021 29 H COMPUTER TECHNOLOGY AND DEVELOPMENT Sep. 2021

B F U AT 56 17 B0 B S 4 AT R B A 5

Riﬁ %1,2,‘,_]. ?1,2,%} }ilz,izﬁ'ﬂ' 1,2
(1. BRI K5 3 FALF R B FR NE R LA2FR,TH dxR 210046,
2L HFAEAREEBRMBRARAREELRE L & 210046)

O Y — S R SRR T R I TE LT B, SR IR B rh T 0 1 SCLL R R B A
VAR R A 3 RN B, TESRAR N A SR T 3T, 8 1 41X SO 5 84T (sentiment analysis ) £, {H i T+
SCOEE ORI 2RV S B Je e TP SAEVEIE TR S R RN R S LA T B B B AR IR P SR R 1
ST RS, B BRI R AT RRIE U A R o TRt S T i B R AR U3 — P A, 3t — e
UL 7R T A B R AE R 7 12 o 3207 125 S0 M) JTAA) 2 %) 2 ) 80 g 2 BT 155 JRR I 45 A 8 0 46 S 4TS A 9 St 5P )
PEATRMEZE S8 78 1o OS24 5 15 | AR 1] o A A AR Sy ik B T8 ) v 2 30 55 PR A4 705 1 4 v 3] T, SUA 5 2 9
5 5 T 2R 92 BT B T ) rh R 3R] I Ja e i 20 B4 IR o S8 X A ()77 R DTS R A AT S0 06, 5 SRR B

TZITENAE R,
KR 7 WL 15 ST 1 CRRIE s B XRRAE 5 2 BT ; 0] 1) &
thE 422 . TP391. 1 X HEkFRIRED : A X E4RS :1673-629X(2021)09-0024-07

doi:10.3969/j. issn. 1673-629X. 2021. 09. 005

Research on Implicit Feature Identification Based on
Domain Feature Indicators

CHEN Ying'”,YE Ning'”, XU Kang'>, WANG Ru-chuan'”’
(1. School of Computer Science,Nanjing University of Posts and Telecommunications , Nanjing 210046 , China;

2. Jiangsu High Technology Research Key Laboratory for Wireless Sensor Networks, Nanjing 210046 , China)

Abstract : The rapid development of online shopping has brought a huge amount of online review data. The semantic and emotional infor-
mation contained in the review data is of great value to both users and merchants. In this context of application requirements, sentiment a-
nalysis for text has emerged. Due to the diversity and complexity of Chinese language expression, users will implicitly mention evaluation
attributes and opinions in comments. The methods of mining comments with display feature have become more and more mature,but the
research on implicit feature identification is less. Therefore,an implicit feature identification method based on domain feature indicators is
proposed for implicit feature identification. Firstly,the constructed multi-word thematic affective association model is used to mine the
feature category indicators of the display comments in a specific field. The word2vec is used as a criterion to measure the semantic
relevance between the clue word and the feature indicator word in implicit comments. Finally, the assignment of the characteristic
category of the clue words in the implicit comment is realized by case analysis. The effectiveness of the proposed method is demonstrated
by experiments on review data sets of different products.
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