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A Hybrid Neural Network Entity Recognition Method Based on
BERT Model
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(School of Information Technology ,Hebei University of Economics and Business, Shijiazhuang 050061 ,China)

Abstract; Aiming at the problem of insufficient semantic analysis and low accuracy in named entity recognition method,a hybrid neural
network entity recognition method based on BERT model is proposed. The research status of named entity recognition was investigated
and analyzed,and it was found that the problem of low accuracy resulted from insufficient data analysis and feature extraction existed in
the research of named entity recognition. The semantic vector of the word is generated dynamically by using BERT pre—training language
model to enrich its text features. The semantic features are extracted again using the convolutional neural network ( CNN) model to
realize the automatic semantic extraction,and the two are combined as the next step of the input vector. BiLSTM is used to obtain the in-
formation of a single word in two directions before and after the character level. The conditional random field (CRF) model was used to
decode the sequence tags and obtain the global optimal labeling sequence. Experiments on two data sets of People’s Daily and MSRA
show that compared with other models, the proposed method can effectively obtain semantic information,and it is improved in accuracy,
recall rate and F1 value.
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