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Abstract : Frequent items mining is one of the research hotspots of data mining. If the data set contains sensitive information, publishing
mining results without processing risks privacy leakage. At present, there are heavy hitter estimation algorithms that meet & —local
differential privacy,but they still cannot meet the real-time and data availability requirements when processing big data. In response to
these problems, we propose a new frequent itemset mining algorithm for local differential privacy protection—GFIM ( group — based
frequent items mining ) , which divides users into two disjoint and equal-sized parts randomly. The whole operation process is divided
into two stages. In the first stage , GFIM digs out the candidate set C of frequent items based on the information submitted by all users. In
the second stage,two groups of users trim themselves to O (%) by setting redundant items and send them to the data collector. The final
top—k frequent items will use the results of the above two stages. According to the two-stage idea,the times of traversal of data set can
be reduced and the overall running speed can be accelerated. Theoretically,it has been proved that the algorithm satisfies & —differential
privacy, and experiments on multiple real data sets have also verified the performance of the method.
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